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Background. Activation of NOTCH signaling pathways, which are key regulators of multiple cellular functions, has been
frequently implicated in cancer pathogenesis, and NOTCH inhibitors have received much recent focus in the context of cancer
therapeutics. However, the role and possible involvement of NOTCH pathways in stomach adenocarcinoma (STAD) are
unclear. Here, putative regulatory mechanisms and functions of NOTCH pathways in STAD were investigated. Methods.
Publicly available data from the TCGA-STAD database were utilized to explore the involvement of canonical NOTCH
pathways in STAD by analyzing RNA expression levels of NOTCH receptors, ligands, and downstream genes. Statistical
analysis of the data pertaining to cancer and noncancerous samples was performed using R software packages and public
databases/webservers. Results. Significant differential gene expression between control and STAD samples was noted for all
NOTCH receptors (NOTCH1, 2, 3, and 4), the delta-like NOTCH ligands (DLL-3 and 4), and typical downstream genes
(HES1 and HEY1). Four genes (NOTCH1, NOTCH2, NOTCH3, and HEY1) presented prognostic values for the STAD
outcome in terms of overall survival. Functional enrichment analysis indicated that NOTCH family genes-strongly correlated
genes were mainly enriched in several KEGG signaling pathways such as the PI3K-Akt signaling pathway, human
papillomavirus infection, focal adhesion, Rap1 signaling pathway, and ECM-receptor interaction. Gene set enrichment analysis
(GSEA) results showed that NOTCH family genes-significantly correlated genes were mainly enriched in four signaling
pathways, ECM (extracellular matrix), tumor angiogenesis, inflammatory response, and immune regulation. Conclusions.
NOTCH family genes may play an essential role in the progression of STAD by modulating immune cells and mediating ECM
synthesis, angiogenesis, focal adhesion, and PI3K-Akt signaling. Multiple NOTCH family genes are valuable candidate
biomarkers or therapeutic targets for the management of STAD.

1. Introduction

Gastric cancer is the fifth most common cancer worldwide
and a leading cause of cancer-related mortality [1]. Its inci-
dence is particularly high in East Asia and South America
[2, 3], translating to high healthcare burden. Despite
advances in clinical diagnostic and therapeutic approaches,
the majority of gastric cancer patients are first diagnosed at
an advanced stage of the disease and recurrence rates are
typically high at over 40% [4, 5], suggesting that a substantial
need exists for improving molecular diagnostics and thera-
peutics in stomach cancer. Gastric cancer is subtyped as car-

dia or noncardia based on its location and distance from the
gastroesophageal junction [6] and has a multifactorial etiol-
ogy and well-recognized risk factors for gastric carcinoma
including older age, male gender, genetic susceptibility, H.
pylori infection, gastroesophageal reflux disease (GERD),
and lifestyle factors such as smoking, alcohol, and dietary
composition [7, 8]. Among different types, 95% of stomach
cancer cases are stomach adenocarcinoma (STAD) [9].
Although substantial research has focused on the etiopatho-
logical mechanisms of STAD, the current understanding of
tumor mechanisms and regulation remains insufficient
[10]. The advent of large multicohort genomic profile
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repositories of cancer like The Cancer Genome Atlas
(TCGA) is facilitating a greater understanding of molecular
and genomic aberrations in STAD and their clinical corre-
lates [11, 12].

The NOTCH signaling pathway is an evolutionarily con-
served pathway, where NOTCH genes encode a set of trans-
membrane receptors and 4 type 1 transmembrane NOTCH
receptors (NOTCH 1-4) are recognized in mammals, and
the NOTCH receptor protein precursor is cleaved in the
Golgi apparatus to 2 subunits [13]. NOTCH signaling is
essential to several cellular functions and cell behavior nec-
essary for development and homeostasis, including cell
proliferation differentiation and death [14, 15]. The role of
NOTCH signaling in cancer has been recognized as pleio-
tropic and its deregulation has been noted in a wide variety
of cancers resulting in cancer cell proliferation and reduced
cell apoptosis [16–18]. Therefore, NOTCH inhibitors are
being investigated as potential anticancer agents [19, 20].
However, effective use of such agents requires molecular
characterization of tumors to identify NOTCH pathway
activity in specific tumor types and clinical conditions. In
the gastric mucosa, NOTCH signaling is implicated in the
differentiation process of gastric mucosa and plays a central
role in development [21], which later remains essential to
maintain the stem cell component by inducing dedifferenti-
ation of gastric epithelial cells into progenitor cells [22].
Consequently, aberrant or continued NOTCH activation
in parietal cells has been found to stimulate the develop-
ment of STAD [22]. In support, evidence from multiple
studies indicated that the expression of NOTCH-related
genes, NOTCH1, NOTCH2, delta-like 4 (DLL4), and Hes1
is significantly higher in gastric cancer tissue, where
NOTCH1, NOTCH2, NOTCH3, and DLL4 were signifi-
cantly associated with worse tumor characteristics [23].
High expression of NOTCH1, NOTCH3, and Jagged1 has
been associated with poor prognosis [24–26]. However, the
precise role of NOTCH signaling and ligands in STAD
and their relevance to tumor characteristics and molecular
mechanisms need further elucidation. In the present study,
we aimed to analyze the role of NOTCH signaling in medi-
ating STAD and its clinical characteristics by a comprehen-
sive bioinformatic analysis of publicly available datasets to
unravel potential NOTCH-associated mechanisms, corre-
lated genes, and biological pathways.

2. Materials and Methods

2.1. Study Design of the Current Research. The present
research basically followed many previous research investi-
gating the involvement of a specific group of family genes
in a specific cancer type by carrying out bioinformatics
analyses [27–33]. The flowchart of the present study was
displayed briefly as follows: first, the mutation and expres-
sion of NOTCH family genes in TCGA-STAD data were
investigated. Secondly, survival analysis was performed to
research the prognostic value of NOTCH family genes in
STAD from the outcome of overall survival and relapse-
free survival. Thirdly, the association between clinical vari-
ables and prognosis was investigated by performing univar-

iate and multivariate Cox regression analyses. Afterward,
the biological functions enriched by the NOTCH family
genes-significantly correlated genes were identified by per-
forming the functional enrichment analysis and gene
enrichment set analysis. Moreover, the involvement of
NOTCH family genes in STAD was investigated by
researching the correlation between each NOTCH family
gene and tumor-infiltrating immune cells.

2.2. cBioPortal Analysis. The cBio Cancer Genomics Portal
(cBioPortal) (http://cbioportal.org) was applied to investi-
gate mutations of NOTCH pathway genes in STAD. Queries
for visualization and analysis were performed by inputting
the information as follows:(1) Cancer type: stomach adeno-
carcinoma; (2) Six selected studies: Stomach Adenocarci-
noma (Pfizer and UHK, Nat Genet 2014, 100 samples),
Stomach Adenocarcinoma (TCGA, Firehose Legacy, 478
samples), Stomach Adenocarcinoma (TCGA, Nature 2014,
295 samples), Stomach Adenocarcinoma (TCGA, PanCan-
cer Atlas, 440 samples); Stomach Adenocarcinoma (U
Tokyo, Nat Genet 2014, 30 samples), and Stomach Adeno-
carcinoma (UHK, Nat Genet 2011, 22 samples); (3) Molecu-
lar profiles: Mutations, Structural variants, and copy number
alterations; (4) Select Patient/Case Set: all samples (1365);
and (5) Enter Genes: NOTCH1, NOTCH2, NOTCH3,
NOTCH4, DLL1, DLL3, DLL4, JAG1, JAG2, HES1, and
HEY1. After the queries were submitted, tracks were added
including the study of origin, mutation spectrum, mutation
count, overall survival status, overall survival (months),
disease-free status, and disease-free period (months). Next,
the cancer type summary of six included cancer studies
regarding STAD was visualized based on filtering.

2.3. The Dysregulation of NOTCH Family Genes in STAD.
Level 3 HT-seq data of STAD patients with the fragments
per kilobase per million (FPKM) format were downloaded
from the TCGA database. Samples without clinical informa-
tion were removed, and 407 samples containing 375 STAD
tumor samples and 32 healthy control samples were included
for the subsequent analysis. The mRNA expression levels of
NOTCH family genes in STAD were analyzed and visualized
using the “ggplot” package (version 3.3.3) in R (version 3.6.3).

2.4. Survival Analysis. Kaplan-Meier analysis was performed
to compare survival rates between “high” and “low” expres-
sion groups of each NOTCH family genes. The Kaplan-
Meier curves were plotted using the KM plotter web tool
(URL: https://kmplot.com/analysis/). Patients were divided
into two groups based on the median gene expression value,
and log-rank tests ðp½LogRank�Þ were used to compare the
survival between the “high-” expression group (red line)
and “low-” expression groups (blue line). Two types of prog-
nostic parameters were analyzed, including overall survival
(OS) and disease-specific survival (DSF).

2.5. Association of Metadata Variables for the TCGA-STAD
Data with NOTCH Gene Expression Levels. The subsequent
analysis was based on the TCGA-STAD dataset, which
included 407 samples containing 375 STAD tumor samples
and 32 healthy control samples. The mRNA expression levels
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of each gene within 11 NOTCH family genes and clinicopath-
ological details were documented, and general metadata infor-
mation pertaining to STAD samples was obtained. Data
analysis was performed using R (version 3.6.3). Based on the
median value of the expression level of each NOTCH family
gene, the STAD samples were divided into two groups, a
“low-” expression group of and a “high-” expression group.

2.6. Univariate and Multivariate Cox Regression Analyses.
The association between clinical variables and prognosis
was investigated by performing univariate and multivariate
Cox regression analyses. The “coxph” function in the R “sur-
vival” package (version 3.2-10) was applied and the cox
regression module was used. Overall survival was selected
as the prognostic outcome type. The clinical variables
included in the analysis were T stage, N stage, M stage,
age, gender, race, pathologic stage, primary therapy out-
come, residual tumor, reflux history, histologic grade, antire-
flux treatment, H. pylori infection, and expression level of
each NOTCH family gene.

2.7. Forest Plots. Based on the results (HR, 95% CI, p value)
obtained by univariate and multivariate cox regression anal-
yses, two forest plots were plotted using the “ggplot2” pack-
age (version 3.3.3) in R (version 3.6.3). The HR (hazard
ratio) can be considered to represent a relative risk of death
that compares one instance of a binary feature to the other
instance-reference category. Thus, an HR > 1 indicates an
increased risk of death, while an HR < 1 represents a
decreased risk of death.

2.8. ROC Curve Analysis to Evaluate the Diagnostic Value of
NOTCH Family Gene Expression. ROC curve analysis for
each NOTCH family gene expression data was conducted
by using the “pROC” package (version 1.17.0.1) and visual-
ized using “ggplot2” package (version 3.3.3). The predicted
outcome parameter was defined as clinical status (STAD
tumor vs. normal). In the ROC analysis, the x-axis repre-
sents the false-positive rate (FPR), and the y-axis represents
the true-positive rate (TPR).

2.9. Identification of Significantly Correlated Genes of
NOTCH Family Genes. As initial analysis indicated nonsig-
nificant deregulation of DDL1 in STAD, genes correlated
with the remaining NOTCH family genes were used for
functional enrichment analysis and GSEA. Analysis was per-
formed using the “stat” package (version 3.6.3) in R (version
3.6.3). The Pearson correlation test, a parametric correlation
test that measures a linear relationship between the two
groups, was applied. Only protein coding genes were
retained. According to the conventional approach to inter-
pret the correlation coefficient, the correlation coefficient “r
” value with 0.90–1.00 was very strong correlation, 0.70–
0.89 indicated strong correlation, 0.40–0.69 represented
moderate correlation, 0.10–0.39 indicated weak correlation,
and 0.00–0.10 should be interpreted with negligible correla-
tion [34]. Overlapping genes among individual NOTCH
family genes’ significantly strongly correlated genes were
identified and used for the subsequent analysis.

2.10. Functional Enrichment Analysis of Significantly
Strongly Correlated Genes of NOTCH Family Genes. Over-
lapping genes among the 10 NOTCH family genes-
correlated genes with |cor pearson ∣ >0:7 and p pearson <
0:001 identified previously were used for the functional
enrichment analysis to identify significantly enriched func-
tional terms. The gene names were converted to the Entrez
ID by using the “https://bioconductor.org/packages/release/
data/annotation/html/org.Hs.eg.db.html” package (version
3.10.0) in R (version 3.6.3). Functional enrichment analysis
was performed by using the “clusterProfiler” package (ver-
sion 3.14.3) in R (version 3.6.3). GO terms including BP
(biological process), CC (cellular component), MF (molecu-
lar function), and KEGG pathways that were significantly
enriched by the correlated genes were identified at a thresh-
old of p:adj < 0:05 and q value < 0.2. Bubble charts were
plotted to visualize the functional enrichment results using
the ggplot2 package (version 3.3.3).

2.11. Gene Set Enrichment Analysis. The differentially
expressed genes (DEGs) between STAD samples and healthy
control samples from the TCGA-STAD dataset were identi-
fied by using “DESeq2” (version 1.26.0) in R (version 3.6.3).
As GSEA can have higher accuracy when more genes are
included, the threshold for defining significantly correlated
genes was set at ∣cor pearson ∣ >0:4 and p pearson < 0:001
and these genes were then used for GSEA. The log2FC (fold
change) values of the 10 NOTCH family genes-significantly
correlated genes were obtained and used for the gene set
enrichment analysis (GSEA). GSEA analysis was performed
using the “clusterProfiler” package (version 3.14.3) in R (ver-
sion 3.6.3). The functional terms satisfying a threshold of
normalized enrichment score ∣NES ∣ >1, nominal p value
(NOM p value) < 0.05, and a false discovery rate (FDR) q
value < 0.25 were considered as significantly enriched terms.

2.12. Gene-Gene Interaction (GGI) Network Analysis. Gene-
MANIA (URL: http://genemania.org; accessed on 1st Octo-
ber 2021) was used to construct the gene-gene interaction
network (GGI). All 11 NOTCH family genes were used as
the input, and two functions, NOTCH signaling pathway
and regulation of the NOTCH signaling pathway, were
selected. The GGI network was constructed by an automat-
ically selected weighting method and downloaded.

2.13. Correlation of Each NOTCH Family Gene Expression
with Immune Cells in STAD. The correlation of each
NOTCH family gene with immune cells in STAD tumor
samples was investigated by using Pearson’s test performed
by using “GSVA” package (version 1.34.0) in R (version
3.6.3). The “ssGSEA” algorithm, a built-in algorithm in the
“GSVA” package, was used for statistical analysis. 24 tumor
immune infiltration cells (TIICs) were analyzed, which
included aDC (activated DC), B cells, CD8 T cells, cytotoxic
cells, DC, eosinophils, iDC (immature DC), macrophages,
mast cells, neutrophils, NK CD56bright cells, NK CD56dim
cells, NK cells, pDC (plasmacytoid DC), T cells, T helper
cells, Tcm (T central memory), Tem (T effector memory),
Tfh (T follicular helper), Tgd (T gamma delta), Th1 cells,
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Study of origin
Overall survival status
Overall survival (Months)
Disease free (Months)
Disease free status
Mutation spectrum
Mutation count
NOTCH1
NOTCH2
NOTCH3
NOTCH4
DLL1
DLL3
DLL4
JAG1
JAG2
HES1
HEY1

8%*
9%*
6%*
7%*
6%*
4%*

1.6%*
4%*
4%*
6%*
4%*

Genetic alteration Inframe mutation (unknown significance) Missense mutation (putative driver) Missense mutation (unknown significance) Splice mutation (putative driver) Splice mutation (unknown significance) Truncating mutation (putative driver)
Truncating mutation (unknown significance) Structural variant (putative driver) Amplification Deep deletion No alterations Not profiled

Study of origin Stomach adenocarcinoma (Pfizer and UHK, nat genet 2014) Stomach adenocarcinoma (TCGA, firehose legacy) Stomach adenocarcinoma (TCGA, nature 2014) Stomach adenocarcinoma (TCGA, pan cancer atlas)
Stomach adenocarcinoma (U Tokyo, nat genet 2014) Stomach adenocarcinoma (UHK, nat genet 2011)

Overall survival status 0:LIVING 1:DECEASED No data
Overall survival (Months) 0 184 No data
Disease free (Months) 0 184 No data
Disease free Status 0:Disease free 1:Recurred/progressed No data
Mutation spectrum C>A C>G C>T T>A T>C T>G No data
Mutation count 0 6508
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Figure 1: Continued.
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Th17 cells, Th2 cells, and Treg cells. The gene markers of the
24 TIICs were obtained from a previously published study. A
lollipop plot was used to illustrate the correlation of each
NOTCH family gene expression level with the 24 TIICs in
STAD samples.

3. Results

3.1. NOTCH Family Gene Alterations and mRNA Expression
in STAD. The cBioPortal online tool was used to analyze the
gene expression of NOTCH family member genes in STAD

patients. NOTCH gene alterations in STAD ranged from
1.6% to 9% (Figure 1(a)). The structural variant data, muta-
tion data, and CNA (copy number alteration) data from 6
studies are depicted in Figure 1(b).

The analysis of 375 STAD tumor samples and 32
healthy control samples (Figure 1(c)) showed significant
overexpression of 10 genes (NOTCH1, NOTCH2, NOTCH3,
NOTCH4, DLL1, DLL4, JAG1, JAG2, HES1, and HEY1) in
STAD tumor samples compared with healthy control sam-
ples, whereas the expression of DDL1 was not significantly
different between control and cancer samples. Analysis of
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Figure 1: Alteration frequency and aberrant expression of the NOTCH family genes in STAD. (a) The mRNA expression (RNA Seq V2
RSEM) of the NOTCH pathway family genes in STAD. (b) The summary of the cancer types in the cBioPortal was used to calculate the
percentages of STAD cases of the NOTCH family genes. (c) The mRNA level of NOTCH family genes between STAD tissues and
unpaired normal oral tissues in TCGA. (d) The mRNA expression level of NOTCH family genes in STAD tissues and paired normal
oral tissues in TCGA. ns: not significant (p ≥ 0:05); ∗p < 0:05; ∗∗p < 0:01; ∗∗∗p < 0:001.
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27 STAD tumor samples and 27 healthy control samples
(Figure 1(d)) showed that 9 genes (NOTCH1, NOTCH3,
NOTCH4, DLL4, JAG1, JAG2, HES1, and HEY1) were sig-
nificantly upregulated in STAD tumor samples compared
with healthy control samples, whereas 2 genes’ (NOTCH2
and DDL1) expression levels did not differ significantly.

3.2. Prognostic Values of NOTCH Family Genes in STAD.
Four genes (NOTCH1, NOTCH2, NOTCH3, and HEY1)
were found to be significantly associated with overall sur-
vival in STAD, whereas the remaining 7 NOTCH genes
(NOTCH4, DLL1, DLL3, DLL4, JAG1, JAG2, and HES1)
did not display a prognostic value for overall survival

(Figure 2). The upregulation of 3 genes (NOTCH2,
NOTCH3, and HEY1) indicated significantly worse overall
survival outcome while the upregulation of NOTCH1 indi-
cated better overall survival outcome. 3 genes (NOTCH1,
NOTCH3, and DLL3) were found significantly correlated
with relapse-free survival in STAD, while the remaining 8
genes (NOTCH2, NOTCH4, DLL1, DLL4, JAG1, JAG2,
HES1, and HEY1) have no prognostic value (Figure 3).

3.3. Metadata Variables of TCGA-STAD Patients Associated
with NOTCH Gene Expression. The clinical metadata and
gene expression data of 375 primary STAD tumor samples
were downloaded from the TCGA database (Table S1).
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None of the metadata variables were found significantly
related with the expression level of NOTCH1. For
NOTCH2 gene expression, 3 clinical variables, T stage
(p = 0:001), race (p = 0:001), and OS event (p = 0:038) were
found statistically significantly related. For N0TCH3 gene
expression, 3 clinical variables, T stage (p = 0:039),
pathologic stage (p = 0:049), and PFI event (p = 0:013),
were significantly related to expression. Two clinical
variables, anatomic neoplasm subdivision (p = 0:046) and
OS event (p = 0:022), were statistically significantly related
to the expression levels of NOTCH4. Two clinical
variables, histological type (p = 0:040) and anatomic
neoplasm subdivision (p = 0:039), were significantly related

to the expression levels of the DLL1 gene, and two clinical
variables, DSS event (p = 0:039) and PFI event (p = 0:013),
were statistically significantly related to the expression
levels of the DLL3 gene. For the DLL4 gene, only 1 clinical
variable, anatomic neoplasm subdivision (p < 0:001), was
statistically significantly associated. One clinical variable, T
stage, was statistically significantly associated with the
expression of the JAG1 gene, while no variables were
associated with the JAG2 gene. Three clinical variables,
race (p = 0:017), histological type (p = 0:010), and
histologic grade (p = 0:018), were found to be significantly
related to HES1 expression, while no clinical variable was
significantly associated with the expression of HEY1.
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Figure 3: Survival analysis results for RFS (relapse-free survival) using KM plots web tool.
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3.4. Univariate and Multivariate Cox Regression Analyses.
Table S2 shows the results of univariate and multivariate
cox regression analyses. The univariate analysis showed

that multiple clinical variables, T stage (p = 0:011), N stage
(p = 0:002), M stage (p = 0:004), age (p = 0:005), pathologic
stage (p < 0:001), primary therapy outcome (p < 0:001),

Characteristics (Univariate analysis)
T stage (T3 & T4 vs. T1 & T2)
N stage (N1&N2&N3 vs. N0)

M stage (M1 vs. M0)
Age (>60 vs. <=60)

Gender (Male vs. Female)
Race (White vs. Asian&Black or African American)

Pathologic stage (Stage III&Stage IV vs. Stage I&Stage II)
Primary therapy outcome (PD&SD vs. PR&CR)

Residual tumour (R1&R2 vs. R0)
Reflux history (Yes vs. No)

Histologic grade (G2&G3 vs. G1)
Antireflux treatment (No vs. Yes)

H pylori infection (Yes vs. No)
NOTCH1 gene expression (High vs. Low)
NOTCH2 gene expression (High vs. Low)
NOTCH3 gene expression (High vs. Low)
NOTCH4 gene expression (High vs. Low)

DLL1 gene expression (High vs. Low)
DLL3 gene expression (High vs. Low)
DLL4 gene expression (High vs. Low)
JAG1 gene expression (High vs. Low)
JAG2 gene expression (High vs. Low)
HES1 gene expression (High vs. Low)
HEY1 gene expression (High vs. Low)

Total(N)
362
352
352
367
370
320
347
313
325
213
361
179
162
370
370
370
370
370
370
370
370
370
370
370

HR(95% CI)
1.719 (1.131−2.612)
1.925 (1.264−2.931)
2.254 (1.295−3.924)
1.620 (1.154−2.276)
1.267 (0.891−1.804)
1.248 (0.802−1.943)
1.947 (1.358−2.793)
4.103 (2.823−5.964)
3.445 (2.160−5.494)
0.582 (0.291−1.162)
1.957 (0.484−7.910)
1.323 (0.739−2.368)
0.650 (0.279−1.513)
0.791 (0.570−1.097)
1.365 (0.981−1.901)
1.243 (0.892−1.733)
1.348 (0.967−1.879)
1.121 (0.806−1.559)
1.196 (0.861−1.662)
1.232 (0.885−1.715)
1.214 (0.873−1.687)
1.009 (0.727−1.400)
1.009 (0.727−1.400)
1.225 (0.882−1.701)

P value
0.011
0.002
0.004
0.005
0.188
0.326

<0.001
<0.001
<0.001

0.125
0.346
0.346
0.317

0.16
0.065
0.198
0.078
0.496
0.286
0.215
0.249
0.957
0.958
0.225

1 2 3 4

(a)

Characteristics (multivariate anlaysis)

T stage (T3&T4 vs. T1&T2)

N stage (N1&N2&N3 vs. N0)

M stage (M1 vs. M0)

Age (>65 vs. <=65)

Pathologic stage (Stage III&Stage IV vs. Stage I&Stage II)

Primary therapy outcome (PD&SD vs. PR&CR)

Residual tumour (R1&R2 vs. R0)

NOTCH2 gene expression (High vs. Low)

NOTCH4 gene expression (High vs. Low)

Total(N)

362

352

352

367

347

313

325

370

370

HR(95% CI)

1.175 (0.627−2.200)

1.713 (0.816−3.597)

1.221 (0.541−2.754)

1.640 (1.065−2.526)

1.171 (0.611−2.244)

3.880 (2.538−5.933)

1.547 (0.840−2.849)

1.455 (0.936−2.261)

1.445 (0.933−2.239)

P value

0.615

0.155

0.631

0.025

0.634

<0.001

0.161

0.096

0.099

2 4 6

(b)

Figure 4: The forest plots showing the outcome of univariate and multivariate Cox regression analyses with NOTCH family genes and other
clinicopathologic parameters as predictors and overall survival (OS) in STAD patients as outcome. (a) The forest plot showing the results of
univariate regression analysis. (b) The forest plot showing the results of the multivariate regression analysis.
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and residual tumor (p < 0:001), were statistically
significantly related to the overall survival of STAD
patients; while the remaining clinical variables, gender,
race, reflux history, histologic grade, antireflux treatment,
H pylori infection, and gene expression levels of NOTCH1,
NOTCH2, NOTCH3, DLL1, DLL3, DLL4, JAG1, JAG2,
HES1, and HEY1, were not significantly associated with
the overall survival. The multivariate analysis results
showed that two clinical variables, age (p = 0:025) and
primary therapy outcome (p < 0:001), were significantly
associated with overall survival whereas the other variables,
T stage, N stage, M stage, pathologic stage, residual tumor,
NOTCH2 gene expression, and NOTCH4 gene expression,
were not significantly associated.

3.5. Forest Plot Visualization. The univariate Cox regression
analysis indicated that several factors, higher T stage (T3 &
T4) (p = 0:011), higher N stage (N1 & N2 & N3) (p = 0:002
), M stage (M1) (p = 0:004), age (>65) (p = 0:005), higher
pathologic stage (stage III & stage IV) (p < 0:001), primary
therapy outcome (PD & SD) (p < 0:001), and residual tumor
(R1 & R2) (p < 0:001), were negative predictors for overall
survival outcome in STAD (Figure 4(a)). Figure 4(b) shows

the results of the multivariate cox regression analysis, indi-
cating that the factors age (>65) (p = 0:025) and primary
therapy outcome (PD & SD) (p < 0:001) were negative pre-
dictors for overall survival outcome.

3.6. Diagnostic Value of NOTCH Family Gene Expression in
STAD. The diagnostic value of each NOTCH family gene
expression by the ROC curve was evaluated. Figure 5 shows
that the majority of NOTCH family genes’ expression
showed moderate accuracy in discriminating STAD versus
control (NOTCH1: AUC = 0:739; NOTCH3: AUC = 0:804;
NOTCH4: ACU = 0:833; DLL4: AUC = 0:891; JAG1: AUC
= 0:766; JAG2: AUC = 0:846; HES1: AUC = 0:754; and
HEY1: AUC = 0:792). The AUC values of the remaining
three genes (NOTCH2: AUC = 0:641; DLL1: AUC = 0:547;
and DLL3: AUC = 0:682) were less than 0.7, indicating a
low diagnostic value.

3.7. Biological Functions of Significantly Correlated Genes of
NOTCH Family Genes. By selecting the significantly strongly
correlated genes of each NOTCH family gene, 163 genes
were obtained. Figure 6 depicts bubble charts for 3 GO terms
and KEGG pathways enriched by these 165 genes.
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Figure 5: ROC curves for NOTCH family genes in healthy control tissue and STAD.
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Figure 6: Continued.
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NOTCH family genes-strongly correlated genes were
mainly enriched in several biological processes (e.g., regula-
tion of angiogenesis, extracellular matrix organization, and
endothelial cell proliferation) (Figure 6(a) and Table S3),
several cellular components (e.g., collagen-containing
extracellular matrix, cell-substrate adherens junction, and
focal adhesion) (Figure 6(b) and Table S4), several

molecular functions (e.g., extracellular matrix structural
constituent, growth factor binding, cytokine binding, and
collagen binding) (Figure 6(c) and Table S5), and several
KEGG pathways (e.g., PI3K-Akt signaling pathway, human
papillomavirus infection, focal adhesion, Rap1 signaling
pathway, and ECM-receptor interaction) (Figure 6(d) and
Table S6).
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Figure 6: Functional enrichment analysis results of the significantly strongly correlated genes of NOTCH family genes. (a) GO term BP
(biological process); (b) GO term CC (cellular component); (c) GO term MF (molecular function); (d) KEGG pathways. In the bubble
charts, the bubble size is consistent with the number of gene counts enriched in a specific term. The depth of the bubble color is
consistent with the p:adj value. The darker the bubble color, the smaller the p adjustment value, indicating that the specific functional
term is more significantly enriched.
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Figure 7: Continued.
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Figure 7: The results of the GSEA showing that NOTCH family genes-significantly correlated genes were mainly enriched in four signaling
pathways, ECM (extracellular matrix) (a), tumor angiogenesis (b), inflammatory response (c), and immune regulation (d).
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3.8. Results of GSEA Analysis. The results of GSEA of the
NOTCH family genes-significantly correlated genes are
shown in Table S7. Some of the terms of interest are visual-
ized in Figure 7. It was evident that these genes were mainly
enriched in four signaling pathways, ECM- (extracellular
matrix-) related pathways (e.g., collagen biosynthesis and
modifying enzymes, ECM proteoglycans, syndecan 1
pathway, integrin cell surface interactions, and focal
adhesion-PI3K/AKT/MTOR signaling pathway) (Figure 7(a)),
tumor angiogenesis-related pathways (e.g., signaling by
PDGF, platelet aggregation plug formation, and vascular

smooth muscle contraction) (Figure 7(b)), inflammatory
response (e.g., inflammatory response pathway, and
cytokine-cytokine receptor interaction) (Figure 7(c)), and
immune regulation (e.g., immunoregulatory interactions
between a lymphoid and a nonlymphoid cell and the human
complement system) (Figure 7(d)).

3.9. Visualization of Gene-Gene Interaction (GGI) Network.
Figure 8 shows 20 genes which were potentially frequently
interacting with the 11 NOTCH family genes. These 20
interacting genes include DLK1, MAML1, DNER, APH1B,

DLK1
delta like non-canonical Notch ligand 1
[Source:HGNC Symbol;Acc:HGNC:2907]

MAM1
mastermind like transcriptional coactivator 1
[Source:HGNC Symbol;Acc:HGNC:13632]

DNER
delta/notch like EGF repeat containing
[Source:HGNC Symbol;Acc:HGNC:24456]

APH1B
aph-1 homolog B, gamma-secretase subunit
[Source:HGNC Symbol;Acc:HGNC:24080]

PSENEN
presenilin enhancer, gamma-secretase subunit
[Source:HGNC Symbol;Acc:HGNC:30100]

APH1A
aph-1 homolog A, gamma-secretase subunit
[Source:HGNC Symbol;Acc:HGNC:29509]

MFNG
MFNG O-fucosylpeptide 3-beta-N-acetylglucosaminyltransferase
[Source:HGNC Symbol;Acc:HGNC:7038]

DTX1
deltex E3 ubiquitin ligase 1
[Source:HGNC Symbol;Acc:HGNC:3060]

LFNG
MFNG O-fucosylpeptide 3-beta-N-acetylglucosaminyltransferase
[Source:HGNC Symbol;Acc:HGNC:6560]

NOTCH2NLR
notch 2 N-terminal like R pseudogene)
[Source:HGNC Symbol;Acc:HGNC:53925]

NOTCH2NLA
notch 2 N-terminal like A
[Source:HGNC Symbol;Acc:HGNC:31862]

GNPTAB
N-acetylglucosamine-1-phosphate transferase subunits alpha and beta
[Source:HGNC Symbol;Acc:HGNC:29670]

MIB1
mindbomb E3 ubiquitin protein ligase 1
[Source:HGNC Symbol;Acc:HGNC:21086]

POFUT1
protein O-fucosyltransferase 1
[Source:HGNC Symbol;Acc:HGNC:14988]

NCSTN
nicastrin
[Source:HGNC Symbol;Acc:HGNC:17091]

SNED1
sushi, nidogen and EGF like domains 1
[Source:HGNC Symbol;Acc:HGNC:24696]

ADAM10
ADAM metallopeptidase domains 10
[Source:HGNC Symbol;Acc:HGNC:188]

RBPJ
recombination signal binding protein for immunoglobulin kappa j region
[Source:HGNC Symbol;Acc:HGNC:5724]

HEG1
heart development protein with EGF like domains 1
[Source:HGNC Symbol;Acc:HGNC:29227]

DLK2
delta like non-canonical notch ligand 2
[Source:HGNC Symbol;Acc:HGNC:21113]

NOTCH3
notch receptor 3

[Source:HGNC Symbol;Acc:HGNC:7883]

NOTCH4
notch receptor 4

[Source:HGNC Symbol;Acc:HGNC:7884]

NOTCH2
notch receptor 2

[Source:HGNC Symbol;Acc:HGNC:7882]

NOTCH1
notch receptor 1

[Source:HGNC Symbol;Acc:HGNC:7881]

HEY1
Hes related family bHLH transcription factor with YRPW motif 1

[Source:HGNC Symbol;Acc:HGNC:4880]

HES1
hes family bHLH transcription factor1

[Source:HGNC Symbol;Acc:HGNC:5192]

JAG2
jagged canonical Notch ligand 2

[Source:HGNC Symbol;Acc:HGNC:6189]

DLL4
delta like canonical notch ligand 4

[Source:HGNC Symbol;Acc:HGNC:2910]

DLL3
delta like canonical notch ligand 3

[Source:HGNC Symbol;Acc:HGNC:2909]
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Figure 8: The GGI network consisted of the 11 NOTCH family genes.
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PSENEN, APH1A, MFNG, DTX1, LFNG, NOTCH2NLR,
NOTCH2NLA, GNPTAB, MIB1, POFUT1, NCSTN,
SNED1, ADAM10, RBPJ, HEG1, and DLK2.

3.10. Correlation of NOTCH Family Gene Expression and
Immune Cells in STAD. Figure 9 shows the correlation
between NOTCH family gene expression and immune cells
in STAD. NOTCH1 gene expression was positively corre-
lated with many TIICs including Tem, Tcm, NK cells,
TFH, eosinophils, NK CD56dim cells, T helper cells, Th2
cells, and Th1 cells. NOTCH2 gene expression was positively
correlated with majority of TIICs (Tem, Tcm, NK cells, mac-
rophages, eosinophils, mast cells, iDC, DC, Th1 cells, TFH,
T cells, T helper cells, CD8 T cells, B cells, cytotoxic cells,
neutrophils, Treg cells, aDC, Tgd, and NK CD56dim cells)
but negatively correlated with Th17 cells.

4. Discussion

Overall, the comprehensive bioinformatic analysis demon-
strated that NOTCH family genes are likely to play key roles
in STAD pathogenesis via the mechanisms of immune cell

modulation, mediating epithelial-mesenchymal transforma-
tion (EMT), angiogenesis, focal adhesion, and PI3K-Akt sig-
naling. Except DDL1, significant overexpression of NOTCH
genes in STAD tissue was noted, supporting the notion that
activation of NOTCH signaling plays a mechanistic role in
STAD. Survival analysis showed that NOTCH2, NOTCH3,
and HEY1 predicted worse overall survival. A role of
NOTCH signaling in immune escape via NOTCH3 upregu-
lation has been documented, associated with lower antitu-
mor activity of CD8+ T cells and greater infiltration of
immune suppressive Treg and M2 macrophages, with
upregulation of immune checkpoint genes, suggesting that
NOTCH3 expression may be a useful biomarker and enable
the prediction of response to immune checkpoint blockers
[35]. A very high frequency of NOTCH2 expression with
nuclear translocation (97.3%) has been documented in gas-
tric cancer versus noncancerous mucosal tissue (10%) [36].
Others have shown that NOTCH2 possessed a tumor sup-
pressor function in gastric cancer by modulation of the
PI3K/Akt pathway and MMP9 suggesting the importance
of physiological levels of NOTCH2 expression in preventing
stomach carcinogenesis [37], supported by another report of

Figure 9: Lollipop plot showing the correlation between each NOTCH family gene expression and 24 TIICs in STAD. In the color bar, the
darker the color, the smaller the p value, indicating higher statistical significance. The bubble size represents the correlation value, and the
bigger the bubble size, the greater the correlation value.
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higher NOTCH2 expression in early-stage gastric tumors as
compared to advance-stage tumors [38]. These inconsis-
tencies highlight the pleiotropic role of NOTCH signaling
and receptors in cancer, whereby they may produce pro-
or antioncogenic effects on different and even on the same
tumor at different times [39, 40]. The transcriptional repres-
sor HEY1 gene is a NOTCH target signal transducer [41]
and its overexpression has been found to promote gastric
cancer [42].

In the present analysis, NOTCH1 upregulation was
found to indicate better overall and relapse-free survival,
which was aligned with a previous finding of high NOTCH1
expression in early-stage gastric cancer and the association
with improved survival outcome in this subtype [43]. In
contrast, NOTCH1 activation has been found to indicate
worse prognosis in gastric cancer [44–46], while some have
noted that high NOTCH1 was linked to worse prognosis
in intestinal-type gastric cancer alone [47]. A meta-analysis
[23] showed that high NOTCH1 expression was linked to
several adverse clinical variables in gastric cancer including
a larger size, noncardia location, lymphovascular invasion,
and metastasis. Mechanistically, activation of NOTCH1 sig-
naling has been found to mediate gastric cancer progression
via the cyclooxygenase 2 pathway [48]. In addition,
NOTCH1 signaling has been implicated in promoting
EMT and proliferation of gastric epithelial cells [35], apart
from promoting gastric cancer via its interaction with
STAT3 and TWIST [45]. However, another report has also
validated an antitumor role of NOTCH1 activation, showing
low expression in gastric cancer tumor tissue, aligned with
the present finding [48]. In case of lung cancer, opposing
effects of NOTCH1 activation have been recognized in lung
adenocarcinoma versus lung squamous cell cancer and
attributed to differences in the NOTCH1-interacting or
coexpressed proteins [49].

The negative NOTCH regulator delta-like canonical
Notch ligand 3 (DLL3) predicted relapse-free survival in
STAD and has attracted recent attention as a novel cancer
target due to its role in multiple neuroendocrine cancers
[50], with the advent of DDL3-targeting agents such as anti-
tumor drug-antibody conjugate Rova-T and AMG-19 [51,
52]. Here, the highest gene aberration rate was found for
NOTCH2, supported by a previous report, which analyzed
NOTCH gene mutation rates in the TCGA data using cBio-
Portal and reported the highest gene mutation rate for
NOTCH2 and NOTCH3 [41]. Consistently, the present
analysis found that NOTCH2 and NOTCH3 significantly
predicted 3 clinical variables each including the tumor stage.
However, the Cox regression analysis, which allows the anal-
ysis of multiple predictors unlike Kaplan-Meier analysis, did
not indicate significant hazard ratios for any of the NOTCH
genes for survival in STAD, possibly reflecting the time- and
context-dependent role of NOTCH signaling in the patho-
genesis of STAD. When considering the discriminant value
of NOTCH genes for STAD versus the healthy state, signif-
icantly, a moderate diagnostic accuracy was evident for most
genes, with DLL4 showing the highest AUC value (0.891).
The activation of DLL4-mediated NOTCH signaling is asso-
ciated with angiogenesis and has been shown to stimulate

MMP2 proenzyme expression and promote gastric carcino-
genesis [53]. Furthermore, the potential of anti DLL4 treat-
ment, which has been shown to inhibit tumorigenesis by
restricting tumor vasculature has been shown in gastric can-
cer [54, 55].

The most significant biological processes enriched by
NOTCH genes-strongly correlated genes in STAD included
regulation of tumor cell, migration, angiogenesis, extracellu-
lar matrix organization, and endothelial cell proliferation.
During invasion, individual tumor cells exhibit two main
different modes of migration, leading to metastasis [56].
The top biological process enriched was amoeboid-type
migration, suggesting that NOTCH signaling appears to be
associated with an amoeboid-type migration strategy of can-
cer cell motility in STAD, which is marked by distinct inter-
actions with the surrounding tumor microenvironment [56].
In tandem, the top cellular components and molecular func-
tions enriched included cell-cell junctions, cell-substrate
junction, and extracellular matrix, cell adhesion molecule,
and growth factor binding. Cell adhesion molecules play a
key role in tumor metastasis and immune cell recruitment,
and canonical NOTCH signaling is known to promote cell
adhesion via the expression of integrins and related cell
adhesion molecules, while the role of noncanonical NOTCH
signaling in cell adhesion is not well elucidated [57, 58]. The
role of NOTCH signaling in tumor angiogenesis by multiple
mechanisms has been described, mediated chiefly by the
ligands DLL4 and Jagged1, whereby DLL4 inhibits neoan-
giogenesis while competitive binding of Jagged1 is promoted
[59]. NOTCH signaling is an essential component of the cel-
lular crosstalk within the tumor microenvironment by juxta-
crine signaling between NOTCH receptors and ligands,
interacting with other pathways including Wnt, thus regu-
lating cancer stem cell renewal, angiogenesis, and immune
functions [60]. The KEGG pathway analysis showed that
NOTCH genes-strongly correlated genes were most signifi-
cantly enriched in the PI3K/Akt pathway in STAD. The
PI3K/Akt pathway has been chiefly implicated in tumor
metastasis and chemotherapy resistance, and PIK3CA is a
well-recognized oncogene whose mutations are associated
with gastric cancer [61, 62]. Furthermore, a synergistic effect
of NOTCH1 and PI3K/Akt inhibition on restricting gastric
cancer has been reported [63]. These findings are corrobo-
rated by an earlier report analyzing gastric cancer immune
microenvironment-related competitive endogenous RNAs
that also found PI3K/Akt and human papillomavirus KEGG
pathways as significantly enriched [64]. An oncogenic role of
human papilloma virus infection in gastric adenocarcinoma
was reported, where 29% lesions showed HPV-16 DNA [65],
although the association has not been consistently found.
Overall, the functional enrichment and GSEA results were
largely corroborative.

Immune infiltration and antitumor immune evasion are
a key mechanism of tumor progression. Effector memory T
cells (Tem) and central memory T cells (Tcm) were highly
correlated with NOTCH1, NOTCH2, NOTCH3, DLL1,
and DLL4 gene expression in STAD. Memory T cell subsets
reflect immune response to tumor antigens and have been
found to be indicators of the stage and clinical characteristics
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of gastric cancer [65]. NOTCH1 signaling is known to regu-
late CD8+ T cell responses, increasing differentiation to
effector T cells and maintenance of memory T cells, thereby
regulating immune surveillance and tumor suppression [66].
NOTCH2 signaling is needed to generate antitumor cyto-
toxic T cell responses [67]. Possibly, therapeutic agonistic
modulation of NOTCH signaling could serve as an antitu-
mor effector T-cell immune modulator and improve the effi-
cacy of immunotherapy in STAD [68, 69]. NOTCH2 and
NOTCH3 expression was inversely linked to Th17 cells in
STAD. Increased tumor-infiltrating CD4+ Th17 cells and
proinflammatory IL-17 is noted in gastric cancer and associ-
ated with tumor progression [70]. The advent of adaptive T
cell-based tumor therapies such as chimeric antigen receptor
T cell therapy may be a promising modality in STAD, and a
deeper understanding of NOTCH signaling in this context
could enable improved treatment strategies.

These findings must be viewed in light of the limitations
of the present study, whereby in vitro or in vivo experiments
were not performed for experimental validation of the iden-
tified role of NOTCH signaling in STAD, which should be
attempted in future studies. Furthermore, the value of spe-
cific NOTCH-targeting drugs and ligands [20] in STAD
merits deeper investigation considering the present findings.
Most importantly, these data also suggest the potential util-
ity of molecular characterization of STAD patient subgroups
amenable to therapy with selective NOTCH ligands as a pre-
cision medicine approach.

5. Conclusion

Comprehensive bioinformatics analysis of NOTCH
signaling-related genes in STAD indicated that NOTCH
activation is a key participant in mediating the development
and progression of STAD via multiple pathways including
immune cell modulation, mediating ECM synthesis, angio-
genesis, focal adhesion, and regulation PI3K-Akt signaling.
Upregulated NOTCH2, NOTCH3, and HEY1 were associ-
ated with worse survival prognosis whereas NOTCH1 indi-
cated improved survival and multiple NOTCH family gene
expression showed a moderate diagnostic biomarker value
for STAD.

Data Availability

The data analyzed during the current study are available in
the TCGA database with the accession number TCGA-
STAD. The original contributions presented in the study
are included in the article; further inquiries can be directed
to the corresponding author.

Conflicts of Interest

The authors report no conflict of interest.

Authors’ Contributions

Dongyun Xue (email: 1979691433@qq.com) and Dong Li
(email: 13165349210@163.com) contributed equally as the

co-first authors. Junshan Li (email: songzhenhefan@163.-
com) contributed as the corresponding author.

Acknowledgments

The authors acknowledge the support of their colleagues and
the valuable insights and suggestions concerning this study
offered by the reviewers.

Supplementary Materials

Table S1: association of clinical characteristics of the TCGA-
OSCC patients with the expression level of the DEFB1 gene.
Table S2: risk assessment of NOTCH components on overall
survival of STAD patients, analyzed by univariate and mul-
tivariate Cox regression. Table S3: the top 20 GO term bio-
logical processes (BP), enriched by the NOTCH family
genes-strongly correlated genes. Table S4: the top 20 GO
term cellular components (CC), enriched by the NOTCH
family genes-strongly correlated genes. Table S5: the top 20
GO term molecular functions (MF), enriched by the
NOTCH family genes-strongly correlated genes. Table S6:
the top 20 KEGG signaling pathways, enriched by the
NOTCH family genes-strongly correlated genes. Table S7:
results of the GSEA analysis based on the NOTCH family
genes-significantly correlated genes. (Supplementary
Materials)

References

[1] F. Bray, J. Ferlay, I. Soerjomataram, R. L. Siegel, L. A. Torre,
and A. Jemal, “Global cancer statistics 2018: GLOBOCAN esti-
mates of incidence and mortality worldwide for 36 cancers in
185 countries,” CA: A Cancer Journal for Clinicians, vol. 68,
no. 6, pp. 394–424, 2018.

[2] M. Balakrishnan, R. George, A. Sharma, and D. Y. Graham,
“Changing trends in stomach cancer throughout the world,”
Current Gastroenterology Reports, vol. 19, no. 8, pp. 1–10,
2017.

[3] V. E. Strong, A.-w.Wu, L. V. Selby et al., “Differences in gastric
cancer survival between the U.S. and China,” Journal of Surgi-
cal Oncology, vol. 112, no. 1, pp. 31–37, 2015.

[4] A. E. Dassen, V. E. P. P. Lemmens, L. V. van de Poll-Franse
et al., “Trends in incidence, treatment and survival of gastric
adenocarcinoma between 1990 and 2007: a population-based
study in the Netherlands,” European Journal of Cancer,
vol. 46, no. 6, pp. 1101–1110, 2010.

[5] M. D'Angelica, M. Gonen, M. F. Brennan, A. D. Turnbull,
M. Bains, and M. S. Karpeh, “Patterns of initial recurrence in
completely resected gastric adenocarcinoma,” Annals of Sur-
gery, vol. 240, no. 5, pp. 808–816, 2004.

[6] E. van Cutsem, X. Sagaert, B. Topal, K. Haustermans, and
H. Prenen, “Gastric cancer,” The Lancet, vol. 388, no. 10060,
pp. 2654–2664, 2016.

[7] S. A. Hundahl, J. L. Phillips, and H. R. Menck, “The National
Cancer Data Base report on poor survival of U.S. gastric carci-
noma patients treated with gastrectomy,” Cancer, vol. 88,
no. 4, pp. 921–932, 2000.

[8] P. Karimi, F. Islami, S. Anandasabapathy, N. D. Freedman, and
F. Kamangar, “Gastric cancer: descriptive epidemiology, risk

17Disease Markers

https://downloads.hindawi.com/journals/dm/2021/4739868.f1.docx
https://downloads.hindawi.com/journals/dm/2021/4739868.f1.docx


factors, screening, and prevention,” Cancer Epidemiology Bio-
markers & Prevention, vol. 23, no. 5, pp. 700–713, 2014.

[9] P. Rawla and A. Barsouk, “Epidemiology of gastric cancer:
global trends, risk factors and prevention,” Gastroenterology
Review, vol. 14, no. 1, pp. 26–38, 2019.

[10] L. Kankeu Fonkoua and N. Yee, “Molecular characterization of
gastric carcinoma: therapeutic implications for biomarkers
and targets,” Biomedicine, vol. 6, no. 1, p. 32, 2018.

[11] L. Zhou, W. Huang, H. F. Yu, Y.-J. Feng, and X. Teng, “Explor-
ing TCGA database for identification of potential prognostic
genes in stomach adenocarcinoma,” Cancer Cell International,
vol. 20, no. 1, pp. 1–12, 2020.

[12] Y. Zhou, Y. Wang, J. Cheng et al., “Bioinformatics analysis
revealed potential tumor suppressors (KLF4/CGN), oncogenes
(SHH/LIF) and biomarkers of Asian stomach adenocarci-
noma,” Yangtze Medicine, vol. 5, no. 2, pp. 141–156, 2021.

[13] S. Artavanis-Tsakonas, K. Matsuno, and M. E. Fortini, “Notch
signaling,” Science, vol. 268, no. 5208, pp. 225–232, 1995.

[14] G. Weinmaster, “The ins and outs of notch signaling,” Molec-
ular and Cellular Neuroscience, vol. 9, no. 2, pp. 91–102, 1997.

[15] K. Hori, A. Sen, and S. Artavanis-Tsakonas, “Notch signaling
at a glance,” Journal of Cell Science, vol. 126, no. 10,
pp. 2135–2140, 2013.

[16] E. J. Allenspach, I. Maillard, J. C. Aster, andW. S. Pear, “Notch
signaling in cancer,” Cancer Biology & Therapy, vol. 1, no. 5,
pp. 466–476, 2002.

[17] M. Roy, W. S. Pear, and J. C. Aster, “The multifaceted role of
Notch in cancer,” Current Opinion in Genetics & Development,
vol. 17, no. 1, pp. 52–59, 2007.

[18] C. C. Pinnix and M. Herlyn, “The many faces of Notch signal-
ing in skin-derived cells,” Pigment Cell Research, vol. 20, no. 6,
pp. 458–465, 2007.

[19] I. Espinoza and L. Miele, “Notch inhibitors for cancer treat-
ment,” Pharmacology & Therapeutics, vol. 139, no. 2, pp. 95–
110, 2013.

[20] P. Rizzo, C. Osipo, K. Foreman, T. Golde, B. Osborne, and
L. Miele, “Rational targeting of Notch signaling in cancer,”
Oncogene, vol. 27, no. 38, pp. 5124–5131, 2008.

[21] M. Katoh and M. Katoh, “Notch signaling in gastrointestinal
tract (Review),” International Journal of Oncology, vol. 30,
no. 1, pp. 247–251, 2007.

[22] T.-H. Kim and R. A. Shivdasani, “Notch signaling in stomach
epithelial stem cell homeostasis,” Journal of Experimental
Medicine, vol. 208, no. 4, pp. 677–688, 2011.

[23] X. Du, Z. Cheng, Y.-H. Wang et al., “Role of Notch signaling
pathway in gastric cancer: a meta-analysis of the literature,”
World Journal of Gastroenterology: WJG, vol. 20, no. 27, 2014.

[24] D.-W. Li, “Expressions and clinical significance of Notch1 and
NF-κB in gastric cancer,” Tumor, vol. 12, pp. 458–461, 2007.

[25] H. Liu, H. Zhang, Z. Shen et al., “Expression of Jagged1 pre-
dicts postoperative clinical outcome of patients with gastric
cancer,” International Journal of Clinical and Experimental
Medicine, vol. 8, no. 9, 2016.

[26] Y. Cui, Q. Li, W. Li et al., “NOTCH3 is a prognostic factor and
is correlated with immune tolerance in gastric cancer,” Fron-
tiers in Oncology, vol. 10, 2021.

[27] C. Zhang, M. Berndt-Paetz, and J. Neuhaus, “A comprehensive
bioinformatics analysis of Notch pathways in bladder cancer,”
Cancers, vol. 13, no. 12, 2021.

[28] Q. Zeng, S. Sun, Y. Li, X. Li, Z. Li, and H. Liang, “Identification
of therapeutic targets and prognostic biomarkers among CXC

chemokines in the renal cell carcinoma microenvironment,”
Frontiers in Oncology, vol. 9, 2020.

[29] C.-C. Sun, S.-J. Li, W. Hu et al., “Comprehensive analysis of
the expression and prognosis for E2Fs in human breast can-
cer,” Molecular Therapy, vol. 27, no. 6, pp. 1153–1165, 2019.

[30] H. Zhuang, Z. Zhou, Z. Ma et al., “Characterization of the
prognostic and oncologic values of ITGB superfamily mem-
bers in pancreatic cancer,” Journal of Cellular and Molecular
Medicine, vol. 24, no. 22, pp. 13481–13493, 2020.

[31] W. Han, C. Hu, Z.-J. Fan, and G.-L. Shen, “Transcript levels of
keratin 1/5/6/14/15/16/17 as potential prognostic indicators in
melanoma patients,” Scientific Reports, vol. 11, no. 1, pp. 1–12,
2021.

[32] M. D. Long and M. J. Campbell, “Pan-cancer analyses of the
nuclear receptor superfamily,” Nuclear Receptor Research,
vol. 2, 2015.

[33] S. Yu, Y. Wu, C. Li et al., “Comprehensive analysis of the
SLC16A gene family in pancreatic cancer via integrated bioin-
formatics,” Scientific Reports, vol. 10, no. 1, 2020.

[34] P. Schober, C. Boer, and L. A. Schwarte, “Correlation Coeffi-
cients,” Anesthesia & Analgesia, vol. 126, no. 5, pp. 1763–
1768, 2018.

[35] Y. Sun, X. Gao, J. Liu et al., “Differential Notch1 and Notch2
expression and frequent activation of Notch signaling in gas-
tric cancers,” Archives of Pathology & Laboratory Medicine,
vol. 135, no. 4, pp. 451–458, 2011.

[36] L.-Y. Guo, Y.-M. Li, L. Qiao et al., “Notch2 regulates matrix
metallopeptidase 9viaPI3K/AKT signaling in human gastric
carcinoma cell MKN-45,” World Journal of Gastroenterology:
WJG, vol. 18, no. 48, 2012.

[37] L. Bauer, A. Takacs, J. Slotta-Huspenina et al., “Clinical signif-
icance of NOTCH1 and NOTCH2 expression in gastric carci-
nomas: an immunohistochemical study,” Frontiers in
Oncology, vol. 5, 2015.

[38] P. Ranganathan, K. L. Weaver, and A. J. Capobianco, “Notch
signalling in solid tumours: a little bit of everything but not
all the time,” Nature Reviews Cancer, vol. 11, no. 5, pp. 338–
351, 2011.

[39] T. Huang, Y. Zhou, A. S. L. Cheng, J. Yu, K. F. To, and
W. Kang, “NOTCH receptors in gastric and other gastrointes-
tinal cancers: oncogenes or tumor suppressors?,” Molecular
Cancer, vol. 15, no. 1, pp. 1–12, 2016.

[40] M. M. Maier and M. Gessler, “Comparative Analysis of the
Human and Mouse Hey1 Promoter: Hey Genes Are New
Notch Target Genes,” Biochemical and Biophysical Research
Communications, vol. 275, no. 2, pp. 652–660, 2000.

[41] L. Zheng, J. Cao, L. Liu et al., “Long noncoding RNA
LINC00982 upregulates CTSF expression to inhibit gastric
cancer progression via the transcription factor HEY1,” Ameri-
can Journal of Physiology-Gastrointestinal and Liver Physiol-
ogy, vol. 320, no. 5, pp. G816–G828, 2021.

[42] H. Zhang, X. Wang, J. Xu, and Y. Sun, “Notch1 activation is a
poor prognostic factor in patients with gastric cancer,” British
Journal of Cancer, vol. 110, no. 9, pp. 2283–2290, 2014.

[43] X. Wu, W. Liu, D. Tang et al., “Prognostic values of four Notch
receptor mRNA expression in gastric cancer,” Scientific
Reports, vol. 6, no. 1, pp. 1–9, 2016.

[44] T.-S. Yeh, C. W. Wu, K.-W. Hsu et al., “The activated Notch1
signal pathway is associated with gastric cancer progression
through cyclooxygenase-2,” Cancer Research, vol. 69, no. 12,
pp. 5039–5048, 2009.

18 Disease Markers



[45] K.-W. Hsu, R.-H. Hsieh, K.-H. Huang et al., “Activation of the
Notch1/STAT3/Twist signaling axis promotes gastric cancer
progression,” Carcinogenesis, vol. 33, no. 8, pp. 1459–1467,
2012.

[46] W. Zhou, X. Q. Fu, L. L. Zhang et al., “The AKT1/NF-kappaB/
Notch1/PTEN axis has an important role in chemoresistance
of gastric cancer cells,” Cell Death & Disease, vol. 4, no. 10,
2013.

[47] S. L. Sinicropi-Yao, J. M. Amann, D. L. Y. Lopez, F. Cerciello,
K. R. Coombes, and D. P. Carbone, “Co-expression analysis
reveals mechanisms underlying the varied roles of NOTCH1
in NSCLC,” Journal of Thoracic Oncology, vol. 14, no. 2,
pp. 223–236, 2019.

[48] C. Liverani, A. Bongiovanni, L. Mercatali et al., “Diagnostic
and predictive role of DLL3 expression in gastroenteropan-
creatic neuroendocrine neoplasms,” Endocrine Pathology,
vol. 32, no. 2, pp. 309–317, 2021.

[49] F. Blackhall, K. Jao, L. Greillier et al., “Efficacy and safety of
rovalpituzumab tesirine compared with topotecan as second-
line therapy in DLL3-high SCLC: results from the phase 3
TAHOE study,” Journal of Thoracic Oncology, vol. 16, no. 9,
pp. 1547–1558, 2021.

[50] L. A. Byers, A. Chiappori, andM.-A. D. Smit, “Phase 1 study of
AMG 119, a chimeric antigen receptor (CAR) T cell therapy
targeting DLL3, in patients with relapsed/refractory small cell
lung cancer (SCLC),” Journal of Clinical Oncology, vol. 37,
15_supplement, 2019.

[51] G. G. Li, L. Li, C. Li et al., “Influence of up-regulation of Notch
ligand DLL4 on biological behaviors of human gastric cancer
cells,” World Journal of Gastroenterology: WJG, vol. 19,
no. 28, p. 4486, 2013.

[52] M. Kang, Y. Zhang, X. Jin et al., “Concurrent treatment with
anti-DLL4 enhances antitumor and proapoptotic efficacy of a
γ-secretase inhibitor in gastric cancer,” Translational Oncol-
ogy, vol. 11, no. 3, pp. 599–608, 2018.

[53] D. Lee, D. Kim, Y. B. Choi et al., “Simultaneous blockade of
VEGF and Dll4 by HD105, a bispecific antibody, inhibits
tumor progression and angiogenesis,” MAbs, vol. 8, no. 5,
pp. 892–904, 2016.

[54] K. Paňková, D. Rösel, M. Novotný, and J. Brábek, “The molec-
ular mechanisms of transition between mesenchymal and
amoeboid invasiveness in tumor cells,” Cellular and Molecular
Life Sciences, vol. 67, no. 1, pp. 63–71, 2010.

[55] P. S. Hodkinson, P. A. Elliott, Y. Lad et al., “Mammalian
NOTCH-1 Activates β1 Integrins via the Small GTPase R-
Ras∗,” Journal of Biological Chemistry, vol. 282, no. 39,
pp. 28991–29001, 2007.

[56] A. Murata and S.-I. Hayashi, “Notch-mediated cell adhesion,”
Biology, vol. 5, no. 1, p. 5, 2016.

[57] J. Dufraine, Y. Funahashi, and J. Kitajewski, “Notch signaling
regulates tumor angiogenesis by diverse mechanisms,” Onco-
gene, vol. 27, no. 38, pp. 5132–5137, 2008.

[58] M. Katoh and M. Katoh, “Precision medicine for human can-
cers with Notch signaling dysregulation (Review),” Interna-
tional Journal of Molecular Medicine, vol. 45, no. 2, pp. 279–
297, 2019.

[59] S. Barbi, I. Cataldo, G. De Manzoni et al., “The analysis of
PIK3CAmutations in gastric carcinoma andmetanalysis of lit-
erature suggest that exon-selectivity is a signature of cancer
type,” Journal of Experimental & Clinical Cancer Research,
vol. 29, no. 1, 2010.

[60] T. Matsuoka and M. Yashiro, “The role of PI3K/Akt/mTOR
signaling in gastric carcinoma,” Cancers, vol. 6, no. 3,
pp. 1441–1463, 2014.

[61] X. Peng, J. Zhou, B. Li, T. Zhang, Y. Zuo, and X. Gu, “Notch1
and PI3K/Akt signaling blockers DAPT and LY294002 coordi-
nately inhibit metastasis of gastric cancer through mutual
enhancement,” Cancer Chemotherapy and Pharmacology,
vol. 85, no. 2, pp. 309–320, 2020.

[62] J. Chen, J. Chen, B. Sun, J. Wu, and C. Du, “Integrative analysis
of immune microenvironment-related CeRNA regulatory axis
in gastric cancer,” Mathematical Biosciences and Engineering,
vol. 17, no. 4, pp. 3953–3971, 2020.

[63] G. C. Ding, J. L. Ren, F. B. Chang et al., “Human papillomavi-
rus DNA and P16INK4Aexpression in concurrent esophageal
and gastric cardia cancers,”World Journal of Gastroenterology:
WJG, vol. 16, no. 46, 2010.

[64] R. Zhang, F. Li, H. Li, J. Yu, and X. Ren, “The clinical signifi-
cance of memory T cells and its subsets in gastric cancer,”
Clinical and Translational Oncology, vol. 16, no. 3, pp. 257–
265, 2014.

[65] S.-i. Tsukumo and K. Yasutomo, “Regulation of CD8+ T cells
and antitumor immunity by Notch signaling,” Frontiers in
Immunology, vol. 9, 2018.

[66] K. Sugimoto, Y. Maekawa, A. Kitamura et al., “Notch2 signal-
ing is required for potent antitumor immunity in vivo,” The
Journal of Immunology, vol. 184, no. 9, pp. 4673–4678, 2010.

[67] F. Ferrandino, P. Grazioli, D. Bellavia, A. F. Campese,
I. Screpanti, and M. P. Felli, “Notch and NF-κB: coach and
players of regulatory T-cell response in cancer,” Frontiers in
Immunology, vol. 9, 2018.

[68] M. A. Kelliher and J. E. Roderick, “NOTCH signaling in T-cell-
mediated anti-tumor immunity and T-cell-based immuno-
therapies,” Frontiers in Immunology, vol. 9, 2018.

[69] T. Iida, M. Iwahashi, M. Katsuda et al., “Tumor-infiltrating
CD4+ Th17 cells produce IL-17 in tumor microenvironment
and promote tumor progression in human gastric cancer,”
Oncology Reports, vol. 25, no. 5, pp. 1271–1277, 2011.

[70] Z. Su, Y. Sun, H. Zhu et al., “Th17 cell expansion in gastric can-
cer may contribute to cancer development and metastasis,”
Immunologic Research, vol. 58, no. 1, pp. 118–124, 2014.

19Disease Markers


	A Comprehensive Bioinformatic Analysis of NOTCH Pathway Involvement in Stomach Adenocarcinoma
	1. Introduction
	2. Materials and Methods
	2.1. Study Design of the Current Research
	2.2. cBioPortal Analysis
	2.3. The Dysregulation of NOTCH Family Genes in STAD
	2.4. Survival Analysis
	2.5. Association of Metadata Variables for the TCGA-STAD Data with NOTCH Gene Expression Levels
	2.6. Univariate and Multivariate Cox Regression Analyses
	2.7. Forest Plots
	2.8. ROC Curve Analysis to Evaluate the Diagnostic Value of NOTCH Family Gene Expression
	2.9. Identification of Significantly Correlated Genes of NOTCH Family Genes
	2.10. Functional Enrichment Analysis of Significantly Strongly Correlated Genes of NOTCH Family Genes
	2.11. Gene Set Enrichment Analysis
	2.12. Gene-Gene Interaction (GGI) Network Analysis
	2.13. Correlation of Each NOTCH Family Gene Expression with Immune Cells in STAD

	3. Results
	3.1. NOTCH Family Gene Alterations and mRNA Expression in STAD
	3.2. Prognostic Values of NOTCH Family Genes in STAD
	3.3. Metadata Variables of TCGA-STAD Patients Associated with NOTCH Gene Expression
	3.4. Univariate and Multivariate Cox Regression Analyses
	3.5. Forest Plot Visualization
	3.6. Diagnostic Value of NOTCH Family Gene Expression in STAD
	3.7. Biological Functions of Significantly Correlated Genes of NOTCH Family Genes
	3.8. Results of GSEA Analysis
	3.9. Visualization of Gene-Gene Interaction (GGI) Network
	3.10. Correlation of NOTCH Family Gene Expression and Immune Cells in STAD

	4. Discussion
	5. Conclusion
	Data Availability
	Conflicts of Interest
	Authors’ Contributions
	Acknowledgments
	Supplementary Materials

